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Abstract 

This paper examines the effect of microfinance on poverty alleviation in Pakistan using 
district-level panel data. We conduct fixed effect panel regressions to show a statistically 
significant positive impact of microfinance on household income, ownership of household 
assets, education, and expenditure. These results suggest that the development of 
microfinance is an efficient tool for both welfare improvement and poverty alleviation in 
Pakistan. 
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1. Introduction 

The main objective of microfinance is to increase the outreach of financial services to ensure 
poverty alleviation. Microfinance provides people in poverty with an opportunity to obtain 
small-scale monetary services, such as credit, savings, and insurance, because they lack 
access to such services from formal banking and other financial systems (Morduch, 1999a). 
Recently, there has been a shift from the social objective to the economic objective of 
sustainability of market-based financial services for the poor (Rhyne, 1998). 
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Several studies have analyzed the impact of microfinance on poverty reduction. Soulama 
(2005) argues that microfinance is a unique development tool that works toward reducing 
poverty and maintaining self-sustainability. Microfinance not only supports the poor by 
providing them with capital but also helps increase their business opportunities, which 
improves personal income and increases personal investment in family health, nutrition, 
education, etc. (Colman, 2006; Morduch, 2000). Poor clients can apply for small loans and 
start their own businesses, such as small grocery stores, micro-enterprises, and fisheries; in 
this way, they are able to enhance their income sources and entrepreneurship skills. 
Microfinance is also helpful in empowering women (Pitt et al., 2006; Khandker and Pitt, 
1998) and supporting poor people through group lending, which increases community 
development (Coleman, 1999; Barboza & Trejos, 2009; Osmani, 2007).  

Many studies have found positive and significant impacts of microfinance programs on the 
poor from various aspects. Microfinance can be a successful strategy for providing financial 
services (Miller & Martinez, 2006; Stephens & Tazi, 2006). The implementation of 
microfinance programs helps raise the income and living standard of the poor while boosting 
the local economy (Khandker, 2005). Khandker and Pitt (1998) argue that microfinance 
programs encourage investment in human capital by providing the poor with a choice in 
schooling. According to Hossain (1988), microfinance has a positive effect on certain social 
aspects, such as empowerment and self-confidence. 

In Pakistan, poverty has increased almost constantly since the country’s independence in 
1947, except during 1980–1988, when poverty declined in urban and rural areas. 
Microfinance is becoming an important solution for alleviating poverty, through improving 
access to health services, children’s education, food, and better household conditions for 
microfinance clients (Ahmad et al., 2004). It is worth noting that women are playing an 
important role in the growth and stability of microenterprises in Pakistan, which, in turn, 
contribute to the economic development of the country.  

The primary objective of this paper is to evaluate the effect of microfinance programs on 
poverty using multidimensional poverty measures in Pakistan. In this study, we examine 
empirically the association between microfinance and living standards and evaluate the extent 
to which microfinance can be a tool for improving education, health, and social status.  

Many studies have investigate the above research questions from experiences in various 
countries. First, food, clothing, and shelter are considered as primary necessities for humans, 
whereas employment, education, and utilities are regarded as secondary requisites for living 
(Doocy et al., 2005; Johnson & Roglay, 1997). Microfinance is a source for improving living 
standards by providing all these essentials to the poor and alleviating hunger at individual and 
household levels (Amjad & Kemal, 1997; Khandker, 2005). 

Second, financial facilities, such as loans, deposits, and remittances, enable households to 
benefit from productive ventures, ease consumption throughout seasonal income flows, and 
help mitigate risks (Elbers et. al., 2003; Sharma & Zeller, 1999). However, as stated by 
Conning and Udry (2007), poor households generally have limited access to formal financial 
markets due to the lack of information, incentives, and contract enforcement.  
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Third, microfinance not only provides financial services but also empowers women. 
Microfinance clients usually have insufficient resources to start their own business, even 
though they are self-employed entrepreneurs; thus, they are unable to come out of poverty. In 
this situation, microfinance is a very effective development tool, providing the clients with 
small loans without providing collateral (Soulama, 2005; Brau & Woller, 2004). 

Fourth, education is an extremely important factor for the improvement of livelihoods and the 
advancement of human beings. Children of microfinance borrowers are better at learning and 
are more punctual (Ali & Thorbecke, 2000). According to Psacharopoulos and Woodhall 
(1993), microfinance has a positive effect on poverty reduction and educational improvement. 
Microfinance programs also positively affect school enrollment and wellbeing (Morduch, 
2009b; Wright, 2000).  

Fifth, health is a major factor in assessing the welfare conditions of the poor and is one of the 
major dimensions of poverty and a primary non-economic outcome of microfinance. Poor 
people cannot fulfill their health requirements due to lack of resources (Collins et. al., 2009). 
Microfinance programs improve poor people’s access to healthcare services and make 
health-related precautionary measures more affordable, although few studies have proven this 
connection. Gopalan (2007) shows that microfinance improved health conditions of poor 
borrowers and Darley-Harris (2002) reports that microfinance produces positive outcomes in 
terms of borrower’s literacy regarding health issues. 

We use fixed effect panel regression to examine the effect of microfinance on the household 
income and living standards of 94 districts in four provinces, including both urban and rural 
areas of Pakistan, from 2006 to 2014. This study employs multidisciplinary poverty measures 
to analyze Pakistan’s microfinance sector.  

There are reasons for choosing Pakistan for our study. First, although Pakistan is a fresh 
entrant in microfinance compared to India and Bangladesh, Pakistan is usually mentioned as 
a “regional leader” in establishing the latest versions of microfinance banks (MFBs). (Note 1) 
According to the Economist Intelligence Unit, in its annual review, Pakistan is among very 
few economies that have formulated a microfinance regulatory framework for MFBs. 
Similarly, the Consultative Group to Assist the Poor (CGAP), a research center at the World 
Bank, stated in 2011 that the microfinance sector in Pakistan is a “laboratory for innovation”.  

Second, due to the economic and political crises and external and internal security issues, 
Pakistan is currently experiencing sluggish development and increasing poverty. Thus, it is 
widely believed that microfinance is less susceptible to these political and economic barriers 
to development (Swain & Floro, 2008). An extensive study on microfinance and conflicts 
claims that, by supporting reconstruction through the establishment of local microfinance, a 
country’s economy can jump-start both during and after a conflict (Doyle, 1998; Nagarajan & 
McNulty, 2004; Manalo, 2003).  

The rest of this paper is organized as follows. Section 2 reviews the econometric models that 
are used to analyze the effect of microfinance on educational level, income, and living 
standards. The data are explained in Section 3. The results of the empirical analysis are 
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presented in Section 4. The paper ends with a discussion and concluding remarks in Section 
5. 

2. Data 

In this study, we use the annual data from 2006 to 2014 for 94 districts in four provinces, 
including both urban and rural areas of Pakistan. Our district-level data are obtained from the 
Pakistan Microfinance Network (PMN), the Pakistan Social and Living Standards 
Measurement Survey (PSLM) of the Pakistan Bureau of Statistics, and the Human 
Development Index. Some policy variables are taken from Pakistan’s Provincial 
Development Reports.  

The Pakistan Microfinance Network (PMN) provides complete information on 12 
microfinance providers. (Note 2) It provides data on microfinance scale, outreach, insurance, 
targets, financial performance, and sustainability of MFIs. The PSLM provides social and 
economic indicators that measure the welfare of society at provincial and district levels. The 
PSLM surveys are developed to assess poverty and other development issues at the district 
level, offering various indicators, such as income, health, education, living standards, 
household assets, welfare, sanitation, and physical environment. (Note 3)  

The data in our study have some limitations. Our data are based on the district level, and 
some important variables that can measure the incidence and depth of poverty are not 
available at the district level. The PMN collects data from MFIs about microfinance outreach, 
and the quality of the data might be low compared to larger datasets. Thus, to remove errors 
from the dataset, we remove the outliers from our data. Furthermore, the PMN does not 
provide data on clients’ poverty levels, which is a chief limitation of our study. PSLM data 
are reliable, but many variables that provide good measures for poverty are not available at 
the district level.  

Our data are obtained from the PMN, which provides quarterly data, and from the PSLM, 
which provides bi-yearly data; both are at the district level. In other words, our data are 
mismatched by period. We run the following regression to generate the missing values:  𝑌 ൌ 𝛽଴ ൅ 𝛽ଵ 𝑑𝑖𝑠𝑡𝑟𝑖𝑐𝑡 ൅ 𝛽ଶ 𝑡𝑖𝑚𝑒 ൅ 𝜇                         (1) 

where 𝑌 denotes the indicators of the social and economic status of a household. (Note 4). 
We use mean values for the imputation of missing values in the model, which may produce 
large significance levels and low standard errors, thus over-fitting the data. 

Table 1 presents the evolution of microfinance activities in Pakistan from 2009 to 2014. The 
number of active borrowers doubled, from 1.4 million to 2.8 million people, and, in particular, 
the number of active women borrowers nearly tripled, from 0.6 million to 1.6 million, during 
the period. Gross loan portfolio, total assets, and deposits also increased significantly. There 
was also a significant rise in the number of branches and the number of total staff. 
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Table 1. Microfinance in Pakistan 

 2009 2010 2011 2012 2013 2014 

No. of active borrowers (in millions) 1.4 1.6   1.7  2. 0  2.4    2.8  

Gross loan portfolio (PKR billions) 16.8 20.2  24.8 33.1 46.6 61.1 

No. of active women borrowers (in 
millions) 

0.6 0.8  0.9 1.3 1.4 1.6 

No. of branches 1,221 1,405  1,550 1,460 1,606 1,747 

No. of total staff 11,557 12,005  14,202 14,648 17,456 19,881 

Total assets (PKR billions) 30.4 35.8  48.6 61.9 81.5 100.7 

Deposits (PKR billions) 7.2 10.1  13.9 20.8 32.9 42.7 

Total debt (PKR billions) 23.2 27.5  38.3 24.9 26.9 31.1 

Total revenue (PKR billions) 6.4 7.5  10.1 12.5 17.3 24.3 

Source: Pakistan Microfinance Review 2014 

 

Table 2. Classification of Microfinance Providers 

Classification 
of  microfinance 

Characteristics Examples                              
 
 

Formal Full service, broad Spectrum Bank of Khyber 
Full service microfinance specialists First Microfinance Bank 
Restricted service microfinance, broad 
spectrum 

National rural support program 

Restricted service microfinance 
specialist 

Kashf Foundation 

Apex institutions Pakistan poverty alleviation fund  
Informal Community-based services Rotating saving and credit association  

Accumulating Savings and Credit 
Associations(ASCAs) 

Commercial services Money lenders, stores 
Family and friends Mr. and Mrs. Hassan of Mingora 

Source: Poverty and Social Impact Assessment 

 

Table 2 shows that there are two primary classifications of microfinance: formal and informal. 
Each type has different level of services – full services with a broad spectrum, restricted 
services, and community-based services. Formal providers are professional financial service 
organizations, such as banks, whereas informal providers consist of friends and family, 
landlords, money lenders, and community-based services. This table also provides examples 
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of formal and informal MFIs operating currently in Pakistan. The poor depend more upon 
informal microfinance providers to meet their credit requirements because informal providers 
are more easily accessible than are formal providers. 

Table 3 presents the summary statistics of some variables used in the paper. It shows the 
mean, standard deviation, minimum, and maximum for variables of interest.  

 

Table 3. Summary statistics of selected variables 

Variables  Obs. Mean       Std. Dev. Min Max 

No. of active borrowers 466 18433.44 27124.83 8 222800 
Gross loan portfolio 468 2.34e+08 3.51e+08 652 2.52e+09 
No. of active savers 401 48686.44 308232.1 0 5982607 
Value of savings 400 1.12e+08 4.95e+08 0 8.31e+09 
Education 311 103.0708 22.71491 20 128 
Health 301 6.049231 2.90e+00 0 18 
Wealth 319 12.26154 13.10013 0 68 

Source: Pakistan Microfinance Connect and Pakistan Bureau of Statistics  

 

3. Econometric Models 

In this study, we identify various aspects by which microfinance affects poverty. We consider 
five dimensions to poverty: education, health, living standards, wealth, and consumption. We 
examine the effect of microfinance on poverty by using the multidimensional poverty 
measures. They include years of schooling, enrollment rate, and school attendance as 
indicators for education; health consultation as an indicator for health; house construction 
material and electricity as indicators for living standards; ownership of assets as an indicator 
for wealth; and food consumption and the number of meals taken per day as an indicator for 
consumption. 

More specifically, we examine an association between the multidimensional poverty 
measures and microfinance activities, which are indicated by the number of active borrowers, 
the number of active savers, the value of savings, and the gross loan portfolio at the district 
level in Pakistan using the following pooled OLS: 𝑌௜௧ ൌ 𝑋′𝛽 ൅ 𝑃ఈ ൅ 𝑇ఊ ൅ 𝜀௜௧                            (2) 

where 𝑌௜௧ represents the indicators of multidimensional poverty. First, we use education 
measures, including the number of people attending school, the number of people who have 
completed high school education, gross and net enrollment rates at primary schools, and 
gross and net enrollment rates at primary schools in slum areas Katchi Abadis. Second, we 
consider health and living standards, using health consultation, house roofing material 
(whether wood or bamboo), livestock ownership, and house ownership. Third, we use income 
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and food consumption measures, such as economic status, meals taken per day, and 
consumption of food. X denotes explanatory variables representing microfinance activities, 
including the number of active borrowers from MFIs, the number of active savers, the value 
of the savings of borrowers, and the gross loan portfolio. We also consider various controls 
when constructing regression equations. 𝑃ఈ is a provincial dummy variable and 𝑇ఊ is a time 
dummy.  𝜀௜௧ is an error term assumed to be white noise. We apply log-log for all estimations 
to analyze the long-term impact of the microfinance activities on multidimensional poverty. 
Table 4 describes the definition of variables and the data sources of variables used for our 
analysis.  

 

Table 4. Definition of Variables 

 Variables Definition Rationale  Data Source 
No. of active borrowers The numbers of individuals who 

currently have an outstanding 
loan balance with an MFI or are 
responsible for repaying any 
portion of the gross loan 
portfolio. 

Captures the 
micro-credit outreach 

PMN ; Micro Watch 
(2014) 

No. of active savers The number of individuals who 
currently have placed funds with 
an MFI. This number applies 
only to savings held by an MFI, 
not to those savings held in other 
institutions by the MFI’s clients. 

Measures the 
microcredit outreach 

PMN ; Micro Watch 
(2014) 

Value of savings The total value of funds placed in 
an account with an MFI that are 
payable to a saver. 

Captures the 
microcredit outreach  

PMN ; Micro Watch 
(2014) 

Gross loan portfolio  All outstanding principal for all 
outstanding client loans, 
including current, delinquent, 
and restructured loans, but not 
loans that have been written-off. 
It does not include interest 
receivable. It does not include 
employee loans. 

Measures the 
microcredit activity  

PMN ; Micro Watch 
(2014) 

Monthly wage Percentage distribution of 
monthly household income 

A good proxy for 
poverty  

PSLM (2014) 

Adult literacy population 
15 years and older  

Population aged 15 years and 
older that is literate expressed as 
percentage of the population 
aged 15 years and older. 

Measures the educated 
population 

PSLM (2014) 

Households by material 
used for roofing by 
RCC/RBC 

Percent distribution of 
households by material used for 
roofing by RCC/RBC 

Captures the household 
condition 

PSLM (2014) 

One room in household Percentage distribution of 
households with one room. 

Measures the size of 
house 

PSLM (2014) 
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Livestock ownership Percent distribution of 
households by livestock 
ownership 

Measures the wealth 
status 

PSLM (2014) 

Ownership of house Percent distribution of 
households by house ownership 

Captures the wealth  PSLM (2014) 

Ownership of household 
assets 

Percent distribution of 
households by household asset 
ownership 

Captures the wealth 
status 

PSLM (2014) 

Distribution of 
household material used 
for roof by wood 
/bamboo  

Percent distribution of 
households by material used for 
roof by wood/bamboo 

Captures the household 
condition 

PSLM (2014) 

Households by other for 
lighting 

Percent distribution of 
households by other than 
electricity for lighting 

Captures the household 
condition 

PSLM (2014) 

Economic status Percent distribution of 
households by the perception of 
the economic situation of the 
household 

A good proxy for 
Poverty 

PSLM (2014) 

Higher school education 
completed 

Percentage distribution of 
population that has completed 
higher level education 

Captures the education 
status  

PSLM (2014) 

Attendance at primary 
school 

Population that has ever 
attended primary school 

Measures the 
educational level  

PSLM (2014) 

Net enrollment rate at 
primary level (age 6–10) 

Net enrollment rate at the 
primary level (age 6–10) 

Measures the 
educational level  

PSLM (2014) 

Gross enrollment rate at 
primary level in Katchi 
Abadis 

Number of children attending 
primary level (classes 1–5) 
divided by number of children 
aged 6–10 years multiplied by 
100 enrollment in Katchi Abadis 

Measures the 
educational level in a 
slum area  

PSLM (2014) 

Net enrollment rate at 
primary level in Katchi 
Abadis 

Net enrollment rate at the 
primary level (age 6–10) 
enrollment in Katchi Abadis. 

Measures the 
educational level in a 
slum area  

PSLM (2014) 

No. of students attended 
school 

Population that has ever 
attended school 

Captures school 
attendance  

PSLM (2014) 

Gross enrollment rate of 
primary school level  

Number of children attending 
primary level (classes 1–5) 
divided by number of children 
aged 6–10 years multiplied by 
100 

Captures the 
educational level 

PSLM (2014) 

Completion of high school 
education  
 

Percentage distribution of 
population that has completed 
high school education 

Measures the level of 
education  

PSLM (2014) 
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Health consultation Percentage distribution of 
population under 5 years that 
have fallen sick or been injured 

Captures the health 
status 

PSLM (2014) 

Consumption of Food Monthly per capita consumption  
of expenditure on major food 
items 

Measures the 
consumption  

PSLM (2014) 

No. of meals taken per day No. of meals taken per day Measures food 
consumption 

PSLM (2014) 

 

To overcome the estimation problem associated with omitted variables that can arise in 
pooled OLS estimation, we employ the fixed effect regression model to control for the 
unobservable variables that are constant over time but are different across districts. The 
regression equation can be shown as follows:  

    𝑌௜௧ ൌ  𝑋′𝛽 ൅ 𝜇௜௧                             (2) 

where Y୧୲ represents the dependent variables for district i for time t, X is the vector of the 
explanatory variables, and  𝜇௜௧ represents the stochastic error term. 

 𝑌௜௧ ൌ  𝑋′ 𝛽 ൅ 𝑣௜ ൅ 𝛾௧ ൅ 𝜀௜௧                             (3) 

We decompose the error term into three components, 𝜇௜௧ ൌ 𝑣௜ ൅ 𝛾௧ ൅ 𝜀௜௧ , where 𝑣௜ 
represents the unobserved components that change across districts but are constant over time, 𝛾௧ represents the unobserved factors that vary over time but are constant across districts, and 𝜀௜௧ represents all unobserved aspects or factors that change across time and the units of our 
study. We address potential heteroscedasticity by using clustered standard errors.  

4. Empirical Results 

We first analyze the long-term effect of microfinance on poverty alleviation in Pakistan using 
pooled OLS regressions. Table 5 and Table 6 illustrate the impact of microfinance on 
education and other variables, such as health, living standards, income, and food 
consumption. 

In Table 5, the coefficients of the number of active borrowers are 0.014-0.314 and significant 
at either 5% or 10% levels in all specifications, suggesting that microfinance activities 
enhance education, as measured by the number of students attending school, the number of 
people with high school education completion, the enrollment rate in primary schools, and so 
on. Other measures of microfinance activities, such as gross loan portfolio and value of 
savings, show similar results. In Table 6, the coefficients of the number of active borrowers, 
gross loan portfolio, and value of savings are all positive and significant at 1% or 5% levels 
in all specifications, suggesting that microfinance activities also improve health, living 
standards, income, and food consumption. 

However, these results may have a problem associated with omitted variables arising from 
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pooled OLS estimation. Therefore, we use a fixed effect regression model to control for the 
unobservable variables. 

 

Table 5. Cross sectional regressions (education) 

 Education 

 No. of 
students 
attending 
school 

Higher 
school 
education 
completed 

Gross 
enrollment 
rate of 
primary 
school 

Net 
enrollment 
rate of 
primary 
school 

Gross 
enrollment 
rate of 
primary 
school in 
Katchi 
Abadis 

Net 
enrollment 
rate of 
primary 
school in 
Katchi 
Abadis 

 (1) (2) (3) (4) (5) (6) 

Gross loan 
portfolio  

0.0192** 
(0.0089) 

0.0121** 
(0.0052) 

0.0272** 
(0.0122) 

0.0136** 
(0.0059) 

0.0142** 
(0.0064) 

0.018*** 
(0.0030) 

No. of active 
borrowers 

0.0256** 
(0.0119) 

0.0191** 
(0.0087) 

0.0147** 
(0.0069) 

0.0159* 
(0.0085) 

0.0214** 
(0.0101) 

0.0314* 
(0.0161) 

Value of 
savings 

0.0177** 
(0.0081) 

0.0256** 
(0.0121) 

0.0296** 
(0.0141) 

0.0131** 
(0.0059) 

0.0256* 
(0.0132) 

0.0125** 
(0.0061) 

One room in 
household 

-0.0156*** 
(0.0001) 

-0.0315*** 
(0.0002) 

-0.0278* 
(0.0131) 

-0.0368** 
(0.0179) 

-0.0159** 
(0.0071) 

-0.0102** 
(0.0048) 

Livestock 
ownership 

0.5123** 
(0.2492) 

0.486** 
(0.2130) 

0.493** 
(0.2310) 

0.265** 
 (0.1291) 

0.198** 
(0.0910) 

0.315** 
(0.1498) 

Adult literacy 
population 15 
years and older 

0.323** 
(0.1521) 

0.351*** 
(0.0004) 

0.440** 
(0.2002) 

0.178** 
 (0.0810) 

0.342** 
(0.1693) 

0.436** 
(0.1972) 

Ownership of 
house 

0.0256*** 
(0.0007) 

0.0412*** 
(0.0018) 

0.0514*** 
(0.0001) 

0.0314*** 
(0.0017) 

0.0146*** 
(0.0004) 

0.0241*** 
(0.0007) 

Monthly wage 0.4171*** 
(0.0007) 

0.3795*** 
(0.0021) 

0.2167*** 
(0.0031) 

0.1163*** 
(0.0107) 

0.2516*** 
(0.0015) 

0.3165** 
(0.1399) 

Households by 
other for 
lighting 

0.0871*** 
(0.0003) 

0.0741** 
(0.0299) 

0.0612*** 
(0.0028) 

0.0359**  
(0.0161) 

0.0161*** 
(0.0072) 

0.0214** 
(0.0092) 

Constant 2.112*** 
(0.0147) 

2.116** 
(0.8206) 

3.165** 
(1.1012) 

2.998** 
(1.1059) 

4.065** 
(1.9175) 

3.698** 
(1.639) 

No. of 
observations 

86 84 81 86 88 83 

Adj. R2 0.411 0.331 0.421 0.355 0.246 0.316 

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. A time dummy 
and a district dummy are included in the estimation. *** p<0.01; ** p<0.05; * p<0.10. 
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Table 6. Cross sectional regressions (health and living standard; income and food 
consumption) 

 Health and living standard Income and food consumption 

 Health 
consultation 

Household 
material used 

for roof by 
wood/bamboo 

Livestock 
ownership 

Ownership 
of house 

Economic 

status 

No. of 
meals 

taking per 
day 

Consumption 
of food 

 (1) (2) (3) (4) (5) (6) (7) 

Gross loan 
portfolio 

0.0121*** 

(0.0005) 

0.0133** 

(0.0057) 

0.0141** 

(0.0063) 

0.014** 

(0.0062) 

0.023** 

(0.0099) 

0.016** 

(0.0068) 

0.0325** 

(0.0157) 

No. of active 
borrowers 

0.0114** 

(0.0049) 

0.0353** 

(0.01657) 

0.0123** 

(0.0052) 

0.0245** 

(0.0101) 

0.0142** 

(0.0052) 

0.0315** 

(0.0091) 

0.0136*** 

(0.0004) 

Value of 
savings 

0.0101** 

(0.0042) 

0.0133** 

(0.0054) 

0.0100** 

(0.0030) 

0.0163*** 

(0.0006) 

0.0201** 

(0.0091) 

0.0123** 

(0.0052) 

0.0221*** 

(0.0006) 

One room in 
household 

-0.0125*** 

(0.0002) 

-0.0225*** 

(0.0015) 

-0.0315*** 

(0.0012) 

-0.0258** 

(0.0091) 

-0.0412*** 

(0.0001) 

-0.0321*** 

(0.0003) 

-0.0365** 

(0.01423) 

Livestock 
ownership 

0.5327** 

(0.2436) 

0.4195** 

(0.1952) 

0.3961** 

(0.1823) 

0.4720** 

(0.1922) 

0.2953** 

(0.1021) 

0.6321** 

(0.2921) 

0.4023** 

(0.1825) 

Adult literacy 
population 15 

years and 
older 

0.3127** 

(0.1398) 

0.1776** 

(0.07139) 

0.1581** 

(0.06122) 

0.2420** 

(0.0980) 

0.1943** 

(0.0811) 

0.2611** 

(0.1219) 

0.1856** 

(0.0813) 

Ownership of 
house 

0.0154** 

(0.0061) 

0.0213** 

(0.0891) 

0.0134** 

(0.0051) 

0.0314** 

(0.0131) 

0.0215** 

(0.0083) 

0.0156** 

(0.0053) 

0.0221*** 

(0.0100) 

Monthly 
wage 

0.4136*** 

(0.0001) 

0.3321*** 

(0.0002) 

0.4224*** 

(0.0011) 

0.4196** 

(0.1932) 

0.3321*** 

(0.0001) 

0.3169*** 

(0.0011) 

0.4013** 

(0.1958) 

Households 
by other for 

lighting 

0.0014** 

(0.0005) 

0.0042** 

(0.0016) 

0.0051** 

(0.0017) 

0.0011** 

(0.0002) 

0.0116** 

(0.0043) 

0.0214** 

(0.0101) 

0.0314** 

(0.0131) 

Constant 
1.256* 

(0.6580) 

4.215** 

(2.007) 

3.695* 

(1.9925) 

5.364* 

(2.7883) 

2.787** 

(1.2013) 

6.325* 

(3.5321) 

2.325* 

(1.1988) 

No. of 
observations 77 81 73 89 81 81 81 

Adj. R2 0.451 0.464 0.343 0.445 0.454 0.531 0.455 

Notes. Robust clustered standard errors are in parenthesis.  All variables are in natural logarithm. Note: Robust 
clustered standard errors are in parenthesis. All variables are in natural logarithm. A time dummy and a district 
dummy are included in the estimation. *** p<0.01; ** p<0.05; * p<0.10. 

 

Table 7 demonstrates the impact of microfinance on various measure of education. Columns 
(1) and (2) represent the number of students attending school; columns (3) and (4) represent 
the number of people who have completed high school education; columns (5) and (6) 
represent the enrollment rate in primary schools. The adult literacy population 15 years and 
older (i.e., the population aged 15 years and older that is literate), the distribution of 
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households with electric lighting, and the distribution of households based on the materials 
used for their roofing by RCC/RBC are used as control variables. The results show that a 10% 
increase in microfinance activities, measured by the number of active borrowers, the gross 
loan portfolio, and the value of savings, increases the number of students attending school 
and primary school enrollment by 0.11-0.22% and 0.13-0.21%, respectively. The gross loan 
portfolio has a larger impact on levels of education than do either the number of active 
borrowers or the value of savings. In all specifications, the coefficients of microfinance 
activities are positive and statistically significant at 1% and 5% levels. These results suggest 
that microfinance helps people invest in human capital development and improve their 
education level, which plays a very important role in poverty alleviation in Pakistan. 

 

Table 7. Fixed effect panel regressions (education) 

 Education 
No. of students 
attending school 

Higher school 
education completed 

Gross enrollment rate of 
primary school 

(1) (2) (3) (4) (5) (6) 
Gross loan portfolio  0.022***  0.033**  0.021**  
 (0.009)  (0.012)  (0.009)  
No. of active borrowers 0.012** 0.021** 0.013** 

(0.006) (0.008) (0.008) 
Value of savings 0.011** 0.014** 0.0155** 

(0.005) (0.005) (0.006) 
Adult literacy population 15 
years and older 
 

0.684** 0.649** 0.794** 0.812** 0.394** 0.360** 

(0.038) (0.045) (0.053) (0.051) (0.055) (0.061) 
Households by other for lighting 
 

0.035** 0.040** 0.028** 0.033** 0.063** 0.060** 
(0.010) (0.012) (0.014) (0.014) (0.015) (0.016) 

Households by material used for 
roof by RCC/RBC 

0.022** 0.022** 0.028** 0.025** 0.021** 0.022** 
(0.008) (0.009) (0.010) (0.010) (0.011) (0.010) 

       
Provincial dummy Yes Yes Yes Yes Yes Yes 

Time dummy Yes Yes Yes Yes Yes Yes 

Constant 1.144** 1.194** 0.395*** 0.283** 2.716** 2.716** 
(0.135) (0.157) (0.189) (0.179) (0.197) (0.220) 

No. of observations 254 238 254 238 254 238 
Adj. R2 0.772  0.753  0.772  0.753  0.772  0.753  

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. Coefficients are 
obtained using the fixed effect panel approach. A time dummy and a district dummy are included in the 
estimation. *** p<0.01; ** p<0.05; * p<0.10. 
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Table 8 indicates the impact of microfinance on education from different perspectives.  
Columns (1) and (2) represent the net enrollment rate in primary schools; columns (3) and (4), 
represent the enrollment rate in primary schools in Katchi Abadis; and columns (5) and (6) 
represent the net enrollment rate in primary schools in the slum area. The results show that a 
10% increase in microfinance activities, as measured by the number of active borrowers, the 
gross loan portfolio, and the value of savings, increases the net enrollment rate in primary 
schools by 0.14-0.19% and is statistically significant at the 5% level. It is particularly 
interesting to see in specifications (5)–(6) that the coefficients of those three microfinance 
measures in regressions of the net enrollment rate in primary schools in Katchi Abadis are 
0.019–0.039, which is larger than are those in specifications (1)–(2). This result suggests that 
the impact of microfinance on education is enhanced in the slum area.  

 

Table 8. Fixed effect panel regressions (education) -continued 

 Education 

 Net enrollment rate 
of primary school 

Gross enrollment rate 
of primary school in 
Katchi Abadis 

Net enrollment rate 
of primary school 
in Katchi Abadis 

(1) (2) (3) (4) (5) (6) 
Gross loan portfolio  0.019**  0.026**  0.039**  
 (0.009)  (0.011)  (0.016)  
No. of active borrowers 0.014** 0.022** 0.036** 

(0.006) (0.008) (0.008) 
Value of savings 0.016** 0.018** 0.019** 

(0.005) (0.006) (0.007) 
Adult literacy population 15 years and 
older 
 

0.401** 0.355** 0.440** 0.417** 0.452** 0.449** 

(0.051) (0.057) (0.058) (0.069) (0.059) (0.071) 
Households by other for lighting 0.070** 0.062** 0.087** 0.082** 0.081** 0.084** 

(0.014) (0.015) (0.016) (0.018) (0.016) (0.019) 
Households by material used for roof by 
RCC/RBC 
 

0.019**
* 0.013 0.028** 0.026** 0.034** 0.028** 
(0.010) (0.009) (0.011) (0.011) (0.011) (0.012) 

Provincial dummy Yes Yes Yes Yes Yes Yes 
Time dummy Yes Yes Yes Yes Yes Yes 
Constant 2.680** 2.721** 2.372** 2.360** 1.781** 1.827** 

(0.179) (0.206) (0.207) (0.247) (0.211) (0.254) 
No. of observations 254 238 254 238 254 238 
Adj. R2 0.612 0.604 0.612 0.604 0.612 0.604 

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. Coefficients are 
obtained using the fixed effect panel approach. A time dummy and a district dummy are included in the 
estimation. *** p<0.01; ** p<0.05; * p<0.10. 
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The adult literacy rate is used as a proxy for parents’ education; Tables 7–8 show that the 
impact of parents’ education on different levels of education is much higher than are those of 
any other explanatory variables. This result implies that educated parents tend to be more 
willing to invest in their children’s education. Household conditions are used as a proxy to 
control for household living standards. These conditions include the presence of electricity 
for lighting and the material used for roofing and construction of houses. The impact of 
household conditions are also positive and statistically significant.  

Table 9 illustrates the impact of microfinance on various measures of poverty alleviation: 
health, living standards, economic status, and food consumption. In columns (1) and (2), 
health condition is proxied by the proportion of households that consult a physician. (Note 5) 
The estimated results show that a 10% increase in microfinance activities, as measured by 
gross loan portfolio, the number of active borrowers, and the value of savings, increase health 
consultation by 0.11–0.14%. In column 3, the estimated coefficient of the value of savings is 
negative and significant at the 5% level, showing that a higher value of savings can reduce 
the proportion of households who use either wood or bamboo for roofing materials. The 
results suggest that microfinance can be used as a vehicle for improving household living 
conditions. Columns (4)–(7) show the impact of microfinance on economic status and the 
number of meals taken per day. (Note 6) The estimated coefficients are positive and 
statistically significant at the 1% and 5% levels. We find that gross loan portfolio has a larger 
impact on economic status than do other microfinance measures, whereas the number of 
active borrowers has a larger impact on the number of meals taken per day than do other 
measures. These results suggest that the utilization of microfinance improves health, living 
standards, income, and food consumption. 

Various measures of household living standards are used as control variables. They include 
the use of electricity for lighting, home ownership, and ownership of house assets, such as 
furniture, means of transportation, and appliances. The results show that the coefficients of 
home ownership and house assets are positive and statistically significant. 
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Table 9. Fixed effect panel regressions (health and living standard; income and food 
consumption) 

 
Health consultation 

Household 
material used 
for roof by 
wood/bambo
o  

Economic status 
No. of meals  

taking per day 

(1) (2) (3) (4) (5) (6) (7) 

Gross loan portfolio 0.012**  -0.022 0.017*
*  0.014*

*  

 (0.009)  (0.0356) (0.011)  (0.005)  

No. of active borrowers  0.01053** 
 

 0.012*
*  0.021*

*  

(0.0051)  (0.006)  (0.008)  

Value of savings 
 

0.014** -0.099**  0.011*
*  0.014*

** 

(0.005371) (0.02081)  (0.005)  (0.005) 

No. of people with high school 
education completion 

0.1010 

(0.0511) 

0.125** 

(0.05000) 
     

 

Households by other for lighting 

0.0044* 

(0.0036) 

0.0040* 

(0.0038) 
     

 

One room in household 
  -0.037**     

   (0.0178)     

Livestock ownership    0.684*
** 

0.649*
** 

0.794*
** 

0.812*
** 

    (0.038) (0.045) (0.053) (0.051) 

Ownership of house    0.035*
** 

0.040*
** 

0.028*
** 

0.033*
** 

    (0.010) (0.012) (0.014) (0.014) 

Ownership of household assets    0.022*
** 

0.022*
* 

0.028*
** 

0.025*
** 

    (0.001) (0.018) (0.005) (0.012) 

     

Provincial dummy Yes Yes Yes Yes Yes Yes Yes 

Time dummy Yes Yes Yes Yes Yes Yes Yes 

Constant 
 

3.038** 5.273** 1.144*
** 

1.194*
** 

0.395*
** 

0.283*
* 

(1.21771) (0.3451) (0.135) (0.157) (0.189) (0.179) 

No. of observations 253 237 209 254  238  254  238  

Adj. R2 0.618 0.593 0.513 0.628  0.609  0.628  0.609  

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. Coefficients are 
obtained using the fixed effect panel approach. A time dummy and a district dummy are included in the 
estimation. *** p<0.01; ** p<0.05; * p<0.10. 
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Table 10 demonstrates the impact of microfinance on a different measure of food 
consumption and livestock ownership. Food Consumption is a proxy for the proportion of 
households who spend money on food items, such as cereal, milk, eggs, meat, and fruit. The 
three microfinance measures have a positive impact on the consumption of food and the 
ownership of livestock, and the estimated coefficients are statistically significant at 1% and 5% 
levels. These results suggest that microfinance can be used as a vehicle for improving food 
consumption and ownership of household assets. 

 

Table 10. Fixed effect panel regressions (health and living standard; income and food 
consumption) - Continued 

Consumption of food Livestock ownership 
(1)  (2) (3) 

Gross loan portfolio 0.0610**  0.0567** 
 (0.0267)  (0.0255) 
No. of active borrowers 0.01053***  0.037*** 

(0.0051)  (0.0178) 
Value of savings  0.014*** 0.099*** 

 (0.005371) (0.02081) 
Livestock ownership 0.01043** 0.022**  

(0.0049) (0.009)  
Ownership of house 0.1010** 0.125** 0.028** 

(0.0511) (0.05000) (0.014) 
Ownership of household assets    

   
log(household income) 0.00449*** 0.0040***  
 (0.0036) (0.00387)  
Dummy Variables    
Provincial Dummy Yes Yes Yes 
Time Dummy Yes Yes Yes 
Constant  3.038*** 5.273*** 

 (1.21771) (0.3451) 
No. of observations 253 237 209 
Adj. R2 0.618 0.593 0.513 

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. Coefficients are 
obtained using the fixed effect panel approach. A time dummy and a district dummy are included in the 
estimation. *** p<0.01; ** p<0.05; * p<0.10.  
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Table 11. Fixed effect panel regressions (others) 

 Ownership of house Attendance of primary school Repayment of existing loans 
 (1)  (2)  (3)  (4)  (5) (6) 

Gross loan portfolio 0.532***  0.0639**  0.0665**  
  (0.155)  (0.0266)  (0.0265)  
No. of active borrowers 0.014** 0.022*** 0.039*** 

(0.007) (0.008) (0.008) 
Value of savings 0.016*** 0.018*** 0.019*** 

(0.005) (0.006) (0.007) 
Monthly wage 0.401*** 0.355*** 0.440*** 0.417*** 0.452*** 0.449*** 

(0.051) (0.057) (0.058) (0.069) (0.059) (0.071) 
Provincial Dummy Yes Yes Yes Yes Yes Yes 
Time Dummy Yes Yes Yes Yes Yes Yes 
Constant 2.680*** 2.721*** 2.372*** 2.360*** 1.78** 1.827*** 

(0.179) (0.206) (0.207) (0.247) (0.211) (0.254) 
No. of observations 254 238 254 238 254 238 
Adj. R2 0.642  0.640  0.688  0.669  0.715  0.672  

Notes. Robust clustered standard errors are in parenthesis. All variables are in natural logarithm. Coefficients are 
obtained using the fixed effect panel approach. A time dummy and a district dummy are included in the 
estimation. ***p<0.01; **p<0.05; *p<0.10 

 

Table 11 illustrates the impact of microfinance activities on house ownership, primary school 
attendance, and repayment of existing loans. The table demonstrates that, with the help of 
microfinance, people are more likely to buy and own houses, enroll children in schools, and 
repay existing loans. For example, the estimated coefficients show that a 10% increase in the 
number of active borrowers can raise house ownership by 0.14%, raise attendance of primary 
education by 0.22%, and increase repayment of existing loans by 0.39%.  

Finally, we examine whether the results remain consistent after using different methods for 
treating outliers. We rerun a regression with the 6th to 94th percentiles; this sample and 
observations differ, as we drop below the 5th and above the 95th percentile for poverty 
variables. We find that the results remain very similar to the previous ones. 

5. Conclusion and policy implications 

The objective of this paper is to examine the effect of microfinance programs on poverty 
alleviation by using multidimensional poverty measures in Pakistan. We find a statistically 
significant impact of microfinance on education, health, household income, food 
consumption, ownership of household assets, and so on. This result suggests that the 
development of microfinance is an efficient tool for both welfare improvement and poverty 
alleviation in Pakistan. These results appear robust with various specifications of empirical 
models. 
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Although the results of this study show that there is a positive impact of microfinance on 
poverty alleviation, certain issues limit the active role of microfinance in poverty reduction. 
To improve microfinance schemes for better outcomes in Pakistan, it is recommended that a 
regulatory authority for the financial sector support microfinance banks to improve their 
working efficiency and outreach in rural areas and ensure that loans are disbursed to genuine 
clients based on realistic terms and conditions.   

There are many other issues we need to consider. The size of loans should be increased to 
meet the borrowers’ requirements. More opportunities for loans should be provided to poor 
people. Borrowers should be trained and educated properly for better loan utilization. 
Microfinance should establish entrepreneurship and conduct workshops on establishing and 
operating potential businesses. Microfinance should introduce education insurance for poor 
children so that they can continue their education even in extreme circumstances. 
Microfinance institutions should train their staff and recruit local staff who know the 
community well. Microfinance needs to expand into untapped areas, especially rural and 
slum areas. Moreover, microfinance should be considered as one of the major components of 
measuring the level of economic development of the country. 
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Notes 
Note 1. In Pakistan, microfinance institutions are divided almost equally into two institutional 
forms: microfinance banks (MFBs) with a more commercial orientation and 
non-governmental organizations (NGOs). A future study may attempt to compare 
commercialized MFBs with the traditional NGO model in terms of practice, outreach, 
mission, and the experience of clients. 
Note 2. The PMN has a close association with CGAP, the Microfinance Information 
Exchange, and the Micro Banking Bulletin. 
Note 3. The PSLM gathers data from the Household Integrated Economic Survey on food 
consumption, savings’ level, employment status, and sources of income. 
Note 4. To address this issue, we could fill the missing values through linear interpolation. 
However, this technique is not suitable for the PSLM data due to large variations in the data. 
The PSLM data contradict the assumption of linear interpolation, in which the data follow a 
predictable line. 
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Note 5. Due to their meager incomes, most rural Pakistanis do not consult any formal 
physicians. In emergencies, they usually seek informal consultants, such as Hakeem or 
Jarrah. 
Note 6. Because of meager incomes, most rural households cannot afford to eat three meals 
per day. Sometimes they eat only two meals per day and cannot afford fruit. 
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